
Past Rank: Assumes the node's rank stays 
the same as time t-1.
Regular Growth: Assumes the node's rank 
changes linearly over time.

Toy Example

We model artistic influence as evolving 
time influence networks. Next, we use 
centrality metrics to uncover surprising 
patterns of influence across time.
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● MINs: Time Evolving and Cumulative:
○ Nodes: artists.
○ Edges: influence between artists.
○ Edge weight: number of times one 

artist cites another as an influence.

Musical Influence Networks

Who Sampled All Music

Centrality Metrics

Datasets

● PageRank: measures how central is a 
node based on random walks

● Disruption: measures how disruptive is 
an node. Aggregation of influence

● WhoSampled: Tracks and catalogs music 
samples, covers, and remixes 
(weights are the number of samples).

● AllMusic: Provides detailed information 
about how artists influence one another
(all weights are equal to 1).

Results
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Centrality Scores Tend to Converge. Hard to see difference

Surprise Highlights Differences at the Node Level!!!

Conclusions

● Bayesian Surprise for rankings (first) 
● Analysis on the temporal nature (via of 

music influence networks via Surprise.
● Captures patterns at the node level


